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ol tp, fp, fnt Z7Z true positive, false
positive, false negative & 2n|3tt}, [X 1] 2
Fiol digt &5 239 precision ¥ recall @&

Jen 3l

apple real synthetic precision
Real 144 66 0.686
synthetic 137 73 0.348
recall 0.512 0.525 0.517
0.519
face real synthetic precision
real 189 21 0.9
synthetic 89 121 0.576
recall 0.68 0.852 0.738
0.766
landscape real synthetic precision
real 127 83 0.605
synthetic 139 71 0.338
recall 0.477 0.461 0.471
0.469
building real synthetic precision
real 169 41 0.804
synthetic 124 83 0.41
recall 0.577 0.677 0.607
0.627

[Z 1] ZF B5%2E EF precision-recall.
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